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An In-depth look into TAR 1.0 and TAR 2.0
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Technology Assisted Review (TAR) Overview
What is Technology Assisted Review? 

7HFKQRORJ\�$VVLVWHG�5HYLHZ�LV�D�WHUP�0DXUD�5��*URVVPDQ�DQG�*RUGRQ�9��&RUPDFN�ȴUVW�
coined and introduced to the legal industry in 2011: 

2

“A technology-assisted review process involves the interplay of humans and computers 
to identify the documents in a collection that are responsive to a production request…. 
$�KXPDQ�H[DPLQHV�DQG�FRGHV�RQO\�WKRVH�GRFXPHQWV�WKH�FRPSXWHU�LGHQWLȴHV�Ȃ�D�WLQ\�
fraction of the entire collection. Using the results of this human review, the computer 
codes the remaining documents in the collection for responsiveness….” (1)

Although the technology and terminology are relatively new to the legal industry, the 
underlying technology itself, supervised machine learning, has been around for over 
ȴIW\� \HDUVȃȴUVW� LQ� WKH� ȴHOG� RI� LQIRUPDWLRQ� UHWULHYDO� DQG� ODWHU� LQ� DUHDV� VXFK� DV� GLJLWDO�
PDUNHWLQJ�� RQOLQH�VDOHV�� DQG� WKH� ȴQDQFLDO� LQGXVWU\�� 6XSHUYLVHG� PDFKLQH� OHDUQLQJ� LV� D�
GL΍HUHQW�DSSURDFK� WR�FUHDWLQJ�FRPSXWHU�VRIWZDUH�� WKH�PDFKLQH� OHDUQV� IURP�H[DPSOHV��
UDWKHU�WKDQ�EHLQJ�H[SOLFLWO\�SURJUDPPHG�IRU�D�SDUWLFXODU�RXWFRPH�

3DUWLFXODUO\�LQ�WKH�ODVW�ȴYH�WR�WHQ�\HDUV��WHFKQRORJLVWV�KDYH�EHHQ�GHYHORSLQJ��UHȴQLQJ��DQG�
PDUNHWLQJ� WR� WKH� OHJDO� LQGXVWU\�YDULRXV�7$5�HQJLQHV�DQG�ZRUNȵRZV��7KH� OHJDO� LQGXVWU\�
KDV�WDNHQ�QRWLFH�RI�WKH�VDYLQJV�LQ�WLPH��H΍RUW��DQG�UHVRXUFHV�QHHGHG�WR�VHSDUDWH�UHOHYDQW�
IURP�QRQ�UHOHYDQW�GRFXPHQWV�GXULQJ�GLVFRYHU\��ΖQ�������WKH�6RXWKHUQ�'LVWULFW�RI�1HZ�<RUN�
SXEOLVKHG�WKH�ȴUVW�RSLQLRQ�UHFRJQL]LQJ�7$5�DV�DQ�ȊDFFHSWDEOH�ZD\�WR�VHDUFK�IRU�UHOHYDQW�
(6Ζ�LQ�DSSURSULDWH�FDVHV�ȋ (2)�6LQFH�WKHQ��RWKHU�FRXUWV�LQ�WKH�8QLWHG�6WDWHV��ΖUHODQG��8QLWHG�
Kingdom, and Australia have approved of and encouraged the use of TAR in appropriate 
cases, commenting on its reliability and availability to reduce cost and burden in the 
discovery process. (3)
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Whether coined or marketed as predictive coding, computer-assisted review, or 
supervised machine learning, all are encompassed by the term TAR and possess the 
same underlying principle: a human reviews and codes electronically stored documents 
DV�HLWKHU�UHOHYDQW�RU�QRW�UHOHYDQW�H[DPSOHV�DQG�VXEPLWV�WKH�H[DPSOHV�WR�WKH�FRPSXWHU��
7KH�FRPSXWHU�DQDO\]HV�WKH�IHDWXUHV�LQ�WKH�WH[W�WKDW�PDNH�D�GRFXPHQW�UHOHYDQW�RU�QRW�
UHOHYDQW��8VXDOO\��WKHVH�IHDWXUHV�DUH�ZRUGV��WKRXJK�WKH\�FDQ�EH�ZRUG�FRPELQDWLRQV�RU�
mathematical values related to groups of words. The computer learns which features 
are related to documents in each category (relevant and not relevant) and which 
distinguish between the categories. The computer starts to build a predictive model 
WKDW��ZLWK�VXɝFLHQW�DQG�DSSURSULDWH�WUDLQLQJ��FDQ�EH�DSSOLHG�WR�DQG�FDWHJRUL]H�RU�UDQN�
other unreviewed documents in the collection as relevant or not.

7KHUH�DUH�GL΍HUHQW�ZD\V�WR�EXLOG�VXFK�D�SUHGLFWLYH�PRGHO��2YHU�WKH�\HDUV��H[SHUWV�DQG�
HQWKXVLDVWV�LQ�WKH�7$5�ȴHOG�KDYH�FRLQHG�YDULRXV�WHUPV�WR�GHVFULEH�WKH�PHWKRGRORJLHV�
used to build a predictive model, the protocols surrounding its use, and to help legal 
SUDFWLWLRQHUV�GL΍HUHQWLDWH�EHWZHHQ�WKH�YDULRXV�7$5�WRROV�DYDLODEOH�LQ�WKH�PDUNHW��7KLV�
LV�ZKHUH�EX]]ZRUGV� OLNH�7$5������7$5������&RQWLQXRXV�$FWLYH�/HDUQLQJ®� �&$/®���6LPSOH�
$FWLYH� /HDUQLQJ� �6$/��� DQG� 6LPSOH� 3DVVLYH� /HDUQLQJ� �63/��� WR� QDPH� D� IHZ�� FRPH� LQWR�
play. Keep in mind most of the TAR tools available today do not fall neatly into one of 
these categories but are a good starting point to better understand TAR. In the following 
VHFWLRQV�RI�WKLV�SDSHU��ZH�ZLOO�H[DPLQH�ZKDW�WKHVH�WHUPV�PHDQ�
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What is TAR 1.0?

$W�WKH�RXWVHW��D�6XEMHFW�0DWWHU�([SHUW�V���60(��UHYLHZV�DQG�WDJV�H[DPSOH�GRFXPHQWV�LQ�
a randomly selected control set, which generally consists of at least 500 documents (and 
often more depending on the richness of the data set), as relevant or not. Most of the 
documents reviewed in the control set will be non-relevant as most data sets contain 
far less than 50% relevant documents. The documents in the control set are not used to 
WUDLQ�WKH�FODVVLȴHU�KRZ�WR�GL΍HUHQWLDWH�EHWZHHQ�UHOHYDQW�DQG�QRW�UHOHYDQW�GRFXPHQWV�EXW�
DUH�XVHG�DV�D�ȊWUXWK�VHWȋ�WR�PHDVXUH�KRZ�ZHOO�WKH�FODVVLȴHU�LV�SHUIRUPLQJ�WKURXJKRXW�WKH�
WUDLQLQJ�URXQGV�E\�FRPSDULQJ�KRZ�WKH�FRPSXWHU�FODVVLȴHG�WKH�GRFXPHQW��UHOHYDQW�RU�QRW�
relevant) to how the human coded the document.

2QFH� WKH� FRQWURO� VHW� LV� FRPSOHWH�� WKH� QH[W� VWHS� LV� WR� WUDLQ� WKH� FODVVLȴHU� WR� OHDUQ� WR�
GL΍HUHQWLDWH� EHWZHHQ� UHOHYDQW� DQG� QRW� UHOHYDQW� GRFXPHQWV� EDVHG� RQ� WKH� FRGLQJ�
GHFLVLRQV�RI�WKH�60(�V���7KH�V\VWHP�OHDUQV�ZKLFK�WHUPV�RU�RWKHU�IHDWXUHV�WHQG�WR�RFFXU�
in relevant documents and which tend to occur in non-relevant ones. Training generally 
takes place in rounds. The number of documents coded per round varies by product and 
FDQ�LQFOXGH�D�SUH�VHW�QXPEHU�RI�GRFXPHQWV�FRQȴJXUHG�E\�WKH�7$5�WRRO��D�VHW�QXPEHU�
chosen by the end-user, or a variable number of documents selected using random or 
MXGJPHQW�VDPSOLQJ�ZLWK�WKH�URXQG�VL]H�GHWHUPLQHG�E\�WKH�FKRVHQ�FRQȴGHQFH�OHYHO�DQG�
margin of error.

:KLOH�GL΍HUHQW�SURGXFWV�WKDW�HPSOR\�D�7$5�����ZRUNȵRZ�YDU\�LQ�WKH�GHWDLOV�RI�KRZ�
WKH\�ZRUN� DQG� WKH� WHUPLQRORJ\� XVHG�� DOO� IROORZ� WKH� VDPH�ZRUNȵRZ�ZKHUHE\� WKH�
training of the predictive model is one time and, once training is complete and the 
SUHGLFWLYH�PRGHO�KDV�EHHQ�DSSOLHG�WR� WKH�UHVW�RI� WKH�GRFXPHQWV� WR�FDWHJRUL]H�RU�
UDQN�WKHP�DV�UHOHYDQW�RU�QRW��WKH�UHYLHZ�SURFHVV�EHJLQV��<RX�DUH�DLPLQJ�WR�EXLOG�RQH�
XOWLPDWH�FODVVLȴHU�WR�GL΍HUHQWLDWH�EHWZHHQ�UHOHYDQW�DQG�QRW�UHOHYDQW�GRFXPHQWV�

Collect/
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Control Set

Seed Set

Train

SME Test

Categorize or
Rank all Documents
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How the documents are selected for each training round can also vary from product to 
SURGXFW��'RFXPHQWV�XVHG�IRU�WUDLQLQJ�FDQ�EH�VHOHFWHG�E\�WKH�KXPDQ�UHYLHZHU��HLWKHU�LQ�D�
WDUJHWHG�PDQQHU�RU�E\�UDQGRP�VHOHFWLRQ��2U��WKH�DOJRULWKP�FDQ�FKRRVH�IXWXUH�GRFXPHQWV�
to train the system on, usually from among the documents about which it is least certain.

7KH�WUDLQLQJ�URXQGV�JHQHUDOO\�ZLOO�EH�D�PL[�RI�UHOHYDQW�DQG�QRW�UHOHYDQW�GRFXPHQWV��EXW�
WKH�PDNH�XS�FDQ�YDU\�EDVHG�RQ�KRZ�DQG�ZKR�VHOHFWV�WKH�QH[W�URXQG�RI�GRFXPHQWV�IRU�
training.

Most TAR systems also employ various quality control measures in between training 
URXQGV�DV�SDUW�RI�LWV�LWHUDWLYH��RQJRLQJ�SURFHVV�WR�JDXJH�KRZ�WUDLQLQJ�LV�SURJUHVVLQJ��6XFK�
measures include comparing the human coding of the documents in the initial control 
VHW� WR� WKH� FODVVLȴHUȇV� FRGLQJ� RI� WKH� VDPH� GRFXPHQWV� WR� WHVW� WKH� FODVVLȴHUȇV� DFFXUDF\��
PHDVXULQJ� WKH� QXPEHU� RI� GRFXPHQWV�ZKHUH� WKH� KXPDQ� DQG� FODVVLȴHU� GLVDJUHH� DV� WR�
ZKHWKHU�D�GRFXPHQW�ZDV�UHOHYDQW�RU�QRW��RU�WKH�QXPEHU�RI�GRFXPHQWV�FKDQJLQJ�HDFK�
round from one category to the other (relevant to not relevant and vice versa). 

7KH�60(�V��FRQWLQXH�WR�WUDLQ�DQG�GHYHORS�WKH�PRGHO�WR�KHOS�LW�SUHGLFW�WKH�UHOHYDQFH�RI�
RWKHU�GRFXPHQWV�LQ�WKH�GDWD�VHW�XQWLO�WKH�FODVVLȴHU�LV�GHHPHG�VXɝFLHQWO\�DFFXUDWH��7$5�
V\VWHPV�YDU\�DV�WR�KRZ�WKH�HQG�XVHU�NQRZV�LWȇV�WLPH�WR�VWRS�WUDLQLQJ��6RPH�ZLOO�DGYLVH�
WKH�HQG�XVHU�WKDW�WUDLQLQJ�KDV�ȊVWDELOL]HGȋ�DQG�IXUWKHU�WUDLQLQJ�RI�WKH�V\VWHP�ZRXOG�QRW�
IXUWKHU�KHOS� WKH�FODVVLȴHU�GL΍HUHQWLDWH�EHWZHHQ�UHOHYDQW�DQG�QRW�UHOHYDQW�GRFXPHQWV��
2WKHU�V\VWHPV�OHDYH�LW�WR�WKH�GLVFUHWLRQ�RI�WKH�HQG�XVHU�WR�GHWHUPLQH�ZKHQ�WKH�FODVVLȴHU�
LV� VXɝFLHQWO\� DFFXUDWH�EDVHG�RQ� WKH�RXWFRPHV�RI� WKH�EHWZHHQ�URXQGV�TXDOLW\� FRQWURO�
measures.

7KH�WUDLQLQJ�SURFHVV�W\SLFDOO\�HQGV�ZLWK�YDOLGDWLRQ�WR�GHWHUPLQH�LWV�H΍HFWLYHQHVV��7KHUH�
DUH� YDULRXV� DSSURDFKHV� WR� YDOLGDWLQJ� WKH� DFFXUDF\� RI� WKH� FODVVLȴHU� DW� GL΍HUHQWLDWLQJ�
between relevant and not relevant documents, but most commonly, validation consists 
RI�UHYLHZLQJ�D�UDQGRP�VDPSOH�RI�GRFXPHQWV�WKDW�ZHUH�FDWHJRUL]HG�DV�QRW�UHOHYDQW�RU�
EHORZ�D�FHUWDLQ�FXW�R΍�VFRUH�WR�YHULI\�WKDW�\RX�DUH�QRW�ȴQGLQJ�PRUH�UHOHYDQW�GRFXPHQWV�
WKDQ�H[SHFWHG�RU�NH\�GRFXPHQWV�DPRQJVW�WKH�GRFXPHQWV�FDWHJRUL]HG�RU�VFRUHG�DV�QRW�
relevant.

8OWLPDWHO\��KRZHYHU��ZKHQ�WR�VWRS�WKH�7$5�WUDLQLQJ�SURFHVV�LV�EDVHG�RQ�OHJDO�MXGJPHQW�
of reasonableness and proportionality considerations: How much could the result be 
LPSURYHG� E\� IXUWKHU� UHYLHZ"�'RHV� WKH� FDVH� MXVWLI\� IXUWKHU� UHYLHZ"� �:KDW� LV� WKH� YDOXH�
of the relevant information that may be found by further review versus the additional 
UHYLHZ�H΍RUW�UHTXLUHG�WR�ȴQG�WKDW�LQIRUPDWLRQ"
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2QFH�YDOLGDWLRQ�LV�FRPSOHWH��WKH�FODVVLȴHU�LV�DSSOLHG�DFURVV�WKH�HQWLUH�GDWD�VHW�DQG�WKH�
GRFXPHQWV�DUH�FDWHJRUL]HG�DV�UHOHYDQW�RU�QRW�UHOHYDQW�RU�DVVLJQHG�D�UDQNLQJ�VFRUH�IURP�
most to least likely to be relevant. From there, document review begins. Most commonly, 
WKH�7$5�UHVXOWV�ZLOO�EH�XVHG�WR�SULRULWL]H�WKH�GRFXPHQWV�IRU�UHYLHZ�IURP�PRVW�WR�OHDVW�
OLNHO\�UHOHYDQW�RU�WR�HOLPLQDWH�IURP�UHYLHZ�WKRVH�GRFXPHQWV�FDWHJRUL]HG�RU�UDQNHG�DV�
not relevant.

What is Simple Passive Learning and Simple Active Learning?

Broadly speaking and greatly oversimplifying the intricacies of the available TAR tools 
RQ�WKH�PDUNHW��PRVW�7$5�DOJRULWKPV�WKDW�XWLOL]H�D�7$5�����ZRUNȵRZ�IDOO�LQWR�RQH�RI�WZR�
FDWHJRULHV��RU�D�YDULDWLRQ�WKHUHRI��6LPSOH�3DVVLYH�/HDUQLQJ��63/��RU�6LPSOH�$FWLYH�/HDUQLQJ�
�6$/���7KH�GL΍HUHQWLDWRUV�KHUH�DUH�ZKHWKHU�WKH�FRPSXWHU�RU�WKH�KXPDQ�LV�FKRRVLQJ�WKH�
training documents and whether the training is one time or continuous.

ΖQ�DQ�63/�PRGHO��WKH�WUDLQLQJ�LV�ȊRQH�WLPHȋ�LQ�WKDW�RQFH�WKH�WUDLQLQJ�LV�FRQVLGHUHG�FRPSOHWH�
�L�H���WKH�DOJRULWKP�KDV�VWDELOL]HG���WKH�WUDLQLQJ�LV�FRPSOHWH�DQG�WKH�UHYLHZ�SURFHVV�EHJLQV��
63/� LV� D� SDVVLYH�PRGHO� LQ� WKDW� DOO� WKH� WUDLQLQJ�GRFXPHQWV� DUH� VHOHFWHG�E\� WKH�KXPDQ�
UHYLHZHU��WKH�DOJRULWKP�SOD\V�QR�UROH�LQ�VHOHFWLQJ�WKH�WUDLQLQJ�H[DPSOHV� (4)

ΖQ�6$/�PRGHOV��DJDLQ� WKH� WUDLQLQJ� LV� ȊRQH� WLPHȋ� LQ� WKDW�RQFH� WKH� WUDLQLQJ� LV�FRQVLGHUHG�
FRPSOHWH� �L�H��� WKH� DOJRULWKP� KDV� VWDELOL]HG��� WKH� WUDLQLQJ� LV� FRPSOHWH� DQG� WKH� UHYLHZ�
SURFHVV�EHJLQV�� 6$/� LV� DFWLYH�� KRZHYHU�� LQ� WKDW� LQVWHDG�RI� WKH�KXPDQ� VHOHFWLQJ� DOO� WKH�
training documents, after the initial seed set the algorithm chooses additional documents 
IRU�WKH�KXPDQ�WR�UHYLHZ��8VXDOO\��WKH�DOJRULWKP�FKRRVHV�WKH�GRFXPHQWV�LW�LV�OHDVW�FHUWDLQ�
how to classify and, therefore, from which it will learn the most. (5)
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What is TAR 2.0?

Prior to starting the training and review process, it is useful to code a random sample 
of documents to get an estimate on the number of relevant documents in the collection 
that will need to be reviewed to budget for the time and resources needed to complete 
WKH�SURMHFW�RQ�WLPH�

To start the training and review, the user generally submits at least one relevant document 
to the system, located either through keyword searching, concept searching, clustering, 
or some other means. The system then submits for review the document it predicts to be 
WKH�QH[W�PRVW�OLNHO\�WR�EH�D�UHOHYDQW�GRFXPHQW��7KH�XVHU�FRGHV�WKLV�GRFXPHQW�DV�UHOHYDQW�
RU�QRW�DQG�VXEPLWV�WKH�FRGHG�GRFXPHQW�WR�WKH�V\VWHP��6RPH�WRROV�ZLOO�DOVR�SHULRGLFDOO\�
VXEPLW� IRU� UHYLHZ� WKRVH�GRFXPHQWV� LW� LV�XQVXUH�RI�KRZ� WR� FDWHJRUL]H��(VSHFLDOO\�HDUO\�
in the process, the user will review some non-relevant documents. As the training and 
UHYLHZ�SURJUHVV�DQG�WKH�FODVVLȴHU�FDQ�EHWWHU�SUHGLFW�ZKHWKHU�D�GRFXPHQW�LV�UHOHYDQW�RU�
not, the reviewer should review progressively fewer non-relevant documents.

The coded documents are continuously fed to the algorithm to rank and re-rank documents 
based on the previous coding decision. This review and training process continues until 
WKH� QXPEHU� RI� UHOHYDQW� GRFXPHQWV� VLJQLȴFDQWO\� GHFUHDVHV� RU� UXQV� RXW� DQG� IXUWKHU�
WUDLQLQJ� DQG� UHYLHZ� WR� ȴQG� WKH� QH[W� UHOHYDQW� GRFXPHQW�ZRXOG� EH� GLVSURSRUWLRQDWHȃ
DJDLQ�LQYROYLQJ�D�OHJDO�MXGJPHQW�RI�UHDVRQDEOHQHVV�DQG�SURSRUWLRQDOLW\�FRQVLGHUDWLRQV�

ΖQ�D�7$5�����ZRUNȵRZ�� WKH� WUDLQLQJ�RI� WKH�FODVVLȴHU�DQG� WKH�UHYLHZ�SURFHVV�DUH�
RQH�LQ�WKH�VDPH��7KH�WUDLQLQJ�DQG�FODVVLȴFDWLRQ�RI�WKH�GRFXPHQWV�DUH�SHUIRUPHG�
concurrently and on a continuous basis throughout the review process.

Train/
Review

Train/
Review

Test

Categorize or 
Rank all 

Documents

EDA

Pre-Production

Post Production

Collect/
Receive
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7KH�WUDLQLQJ�SURFHVV�W\SLFDOO\�HQGV�ZLWK�YDOLGDWLRQ�WR�GHWHUPLQH�LWV�H΍HFWLYHQHVV��0RVW�
commonly, validation consists of reviewing a random sample of unreviewed documents 
WKDW�ZHUH�FDWHJRUL]HG�DV�QRW�UHOHYDQW�WR�YHULI\�WKDW�WKHUH�DUH�QRW�PRUH�UHOHYDQW�GRFXPHQWV�
WKDQ�H[SHFWHG�RU�NH\�GRFXPHQWV�DPRQJVW�WKH�GRFXPHQWV�FDWHJRUL]HG�DV�QRW�UHOHYDQW��

The tools available on the market vary as to how continuous the training decisions 
DUH�VXEPLWWHG� WR� WKH�FODVVLȴHU�DQG�KRZ� IUHTXHQWO\� WKH�FODVVLȴHU� LV�XSGDWHG��$OO� WRROV��
KRZHYHU��VKDUH� WKH�FRPPRQ�WUDLW� WKDW� WKH\�FUHDWH�D�VHULHV�RI�GLVSRVDEOH�FODVVLȴHUVȃ
each with the sole purpose of identifying more relevant documents for review.

ΖQ�VRPH�WRROV��WUDLQLQJ�DQG�UHYLHZ�WDNHV�SODFH�RQH�GRFXPHQW�DW�D�WLPH�DQG�WKH�FODVVLȴHU�
LV�XSGDWHG�DQG�GRFXPHQWV�UH�UDQNHG�DIWHU�HDFK�FRGHG�GRFXPHQW�LV�VXEPLWWHG��7KH�QH[W�
GRFXPHQW�SUHVHQWHG�WR�WKH�UHYLHZHU�LV�WKH�QH[W�PRVW�OLNHO\�WR�EH�UHOHYDQW��2WKHU�WRROV�
VHUYH�XS�WKH�QH[W�GRFXPHQW�WR�EH�UHYLHZHG�E\�ZRUNLQJ�IURP�D�UHYLHZ�TXHXH�FRQVLVWLQJ�
of a local list of a couple hundred documents predicted most likely to be relevant. The 
training model, and thereby the review queue, is updated at set intervals of time. There 
DUH�\HW�RWKHU�WRROV�WKDW�ZRUN�IURP�WUDGLWLRQDO�UHYLHZ�EDWFKHVȃERWK�VWDWLF�DQG�G\QDPLF��
After a set number or percentage of documents are reviewed, the coding decisions are 
VXEPLWWHG�WR� WKH�V\VWHP�� WKH�FODVVLȴHU�XSGDWHV�DQG�UH�UDQNV� WKH�GRFXPHQWV��DQG�WKH�
administrator or TAR tool creates new batches for review consisting of all or some of the 
documents predicted most likely to be relevant.
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What is Continuous Active Learning®?

7$5�����ZRUNȵRZV�DUH�DVVRFLDWHG�ZLWK�&RQWLQXRXV�$FWLYH�/HDUQLQJ��&$/���7KH�V\VWHP�LV�
active in that instead of the human selecting the training documents, after the initial seed 
set the algorithm chooses the additional documents for review. The learning is continuous 
LQ�WKDW�LQVWHDG�RI�FUHDWLQJ�RQH�ȊEHVWȋ�FODVVLȴHU��LW�FUHDWHV�D�VHULHV�RI�GLVSRVDEOH�FODVVLȴHUVȃ�
HDFK� ZLWK� WKH� VROH� SXUSRVH� RI� LGHQWLI\LQJ� PRUH� UHOHYDQW� GRFXPHQWV� IRU� UHYLHZȃDQG�
FRQWLQXHV�WR�FRQVWUXFW�QHZ�FODVVLȴHUV�WUDLQHG�RQ�DOO�GRFXPHQWV�UHYLHZHG�WR�GDWH��XQWLO�
substantially all relevant documents in the data set have been reviewed. (6) 

%RWK�SURWRFROV�DLP�WR�ȴQG�WKH�JUHDWHVW�QXPEHU�RI�UHOHYDQW�GRFXPHQWV�ZKLOH�UHYLHZLQJ�
the least amount of non-relevant documents to do so. 
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How is TAR used in the review process?
7KH�PRVW�GLVFXVVHG�DQG�DQDO\]HG�ZD\�WR�XVH�7$5�LV�WR�HOLPLQDWH�IURP�KXPDQ�UHYLHZ�DQG�
SURGXFWLRQ�WKRVH�GRFXPHQWV�FDWHJRUL]HG�RU�UDQNHG�E\�WKH�V\VWHP�DV�QRQ�UHOHYDQW��7KLV�
use case is the focus of the case law surrounding the use of TAR and receives the most 
attention due to defensibility concerns. The savings in review costs can be substantial.

$QRWKHU�ZD\� WR� XVH� 7$5� LV� WR� SULRULWL]H� \RXU� UHYLHZ�� 7KH� UHYLHZ� WHDP�ZLOO� VWLOO� UHYLHZ�
the entire document population but will review and provide to the case team those 
documents most likely to be relevant at the start of the review. Key documents found 
early in the process can help the legal team identify the strengths and weaknesses of 
their case, better prepare for depositions, and shape case strategy early on. Because all 
documents will be reviewed, often less stringent validation measures, if any, are needed.

TAR can also be used to identify and review only the documents most likely to be relevant 
in an incoming production. If the producing party takes a broad view of relevance in 
responding to document requests or produces relevant documents with their families 
(many of which will be not relevant), most of the documents in an incoming production 
will be of little interest to the receiving party and can be culled from review without 
defensibility concerns.

ΖQ�DGGLWLRQ�WR��DQG�XVXDOO\�LQ�FRQMXQFWLRQ�ZLWK�RQH�RI�WKH�DERYH�XVH�FDVHV��7$5�FDQ�EH�
XVHG�IRU�TXDOLW\�FRQWURO�GXULQJ�D�UHYLHZ�WR�DVVHVV�WKH�LQGLYLGXDO�DQG�RYHUDOO�UHYLHZ�WHDPȇV�
coding accuracy and understanding of the review protocol. The review manager can 
FRPSDUH�WKH�FRGLQJ�GHFLVLRQV�RI�WKH�KXPDQ�GRFXPHQW�UHYLHZ�ZLWK�WKH�FDWHJRUL]DWLRQ�RU�
ranking scores assigned by the TAR algorithm and use the results to elevate for second 
SDVV�UHYLHZ�WKRVH�GRFXPHQWV�ZKHUH�GLVFUHSDQFLHV�H[LVW�RU�WR�LQIRUP�DUHDV�RI�WKH�FRGLQJ�
SURWRFRO�WKDW�UHTXLUH�IXUWKHU�H[SODQDWLRQ�RU�UH�WUDLQLQJ�RQ�
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What kinds of cases should TAR be used for?
7$5�DOJRULWKPV�DQDO\]H�WKH�H[WUDFWHG�WH[W�RI�WKH�GRFXPHQWV��$FFRUGLQJO\��GDWD�VHWV�ZKHUH�
PRVW�RI� WKH�GRFXPHQWV�KDYH�DFFXUDWH�H[WUDFWHG� WH[W�DQG�DUH�ULFK� LQ�KXPDQ�DXWKRUHG�
WH[W�ZRUN�EHVW��3ODQ�RQ�HPSOR\LQJ�DQ�DOWHUQDWLYH�ZRUNȵRZ�IRU�KXPDQ�UHYLHZ�RI� WKRVH�
documents that do not fall into this category, such as scanned documents with poor 
2&5��SKRWRV��YLGHRV��YRLFH�UHFRUGLQJV��FRQVWUXFWLRQ�DQG�DUFKLWHFW�SODQV��RU�VSUHDGVKHHWV�
consisting primarily of numbers.
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How are TAR 1.0 and TAR 2.0 similar? 
ȏ�%RWK�FDQ�R΍HU�VLJQLȴFDQW�VDYLQJV�LQ�WKH�WLPH�DQG�UHVRXUFHV�UHTXLUHG�WR�VHSDUDWH�UHOHYDQW�

and not relevant documents during document review. 

ȏ�%RWK�SURWRFROV�DLP�WR�ȴQG�WKH�JUHDWHVW�QXPEHU�RI�UHOHYDQW�GRFXPHQWV�ZKLOH�UHYLHZLQJ�
the least amount of non-relevant documents to do so. 

• Both training protocols are iterative and interactive between the human and the 
computer.

 
ȏ�7KH�XVH�FDVHV�DUH�WKH�VDPHȃFXOOLQJ�QRQ�UHOHYDQW�GRFXPHQWV�IURP�UHYLHZ��SULRULWL]LQJ�

documents for review, and quality control.
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+RZ�DUH�7$5�����DQG�7$5�����GL΍HUHQW"
ΖQ�7$5������\RX�WUDLQ�WR�EXLOG�RQH�XOWLPDWH�FODVVLȴHU�WR�GL΍HUHQWLDWH�EHWZHHQ�UHOHYDQW�DQG�
not UHOHYDQW�GRFXPHQWV��ΖQ�7$5������\RX�WUDLQ�WR�EXLOG�PDQ\��GLVSRVDEOH�FODVVLȴHU�EDVHG�RQ�
WKH�ODWHVW�FRGLQJ�GHFLVLRQ�V��WR�GL΍HUHQWLDWH�EHWZHHQ�UHOHYDQW�DQG�QRW�UHOHYDQW�GRFXPHQWV�
 
In TAR 2.0, there is no control set to code. As such, there is no arm twisting involved to get 
DQ�60(�V��WR�FDUYH�RXW�WKH�WLPH�WR�UHYLHZ�DQG�WDJ�WKHVH�GRFXPHQWV��PRVW�RI�ZKLFK�DUH�QRW�
relevant, before starting the review process. 

ΖQ�7$5������ WKH�UHYLHZ�WHDP�QHHGV�WR�ZDLW� IRU� WKH�60(�V�� WR�ȴQLVK�WUDLQLQJ�WKH�FODVVLȴHU�
before review can start. In TAR 2.0, training and review are one and the same.

TAR 1.0 does not necessarily require a large set of documents to work, but its value tends 
WR� LQFUHDVH� GLVSURSRUWLRQDWHO\� DV� WKH� VL]H� RI� WKH� GRFXPHQW� FROOHFWLRQ� JURZV� EHFDXVH�
WKH�H΍RUW�W\SLFDOO\�UHTXLUHG�WR�WUDLQ�D�V\VWHP�GRHV�QRW�LQFUHDVH��RU�GRHV�QRW�LQFUHDVH�DV�
TXLFNO\��DV�WKH�VL]H�RI�WKH�GRFXPHQW�FROOHFWLRQ�JURZV��6PDOO�FROOHFWLRQV�FDQ�UHTXLUH�DOPRVW�
WKH�VDPH�OHYHO�RI�WUDLQLQJ�H΍RUW�DV�ODUJH�FROOHFWLRQV�GR� (7)�)RU�H[DPSOH��LI�\RXU�FROOHFWLRQ�
is small, say 10,000 – 20,000 documents, and you must code 3,000 – 7,000 documents 
to complete the control set and training rounds before you can even begin review of a 
VHJPHQW�RI�WKH�UHPDLQLQJ�GRFXPHQWV�FDWHJRUL]HG�DV�UHOHYDQW��\RXU�VDYLQJV�RQ�WLPH�DQG�
cost as compared to traditional human linear review may not be that great, particularly 
DIWHU�\RX�IDFWRU�LQ�WKH�XSIURQW�FRVWV�IRU�WKH�WHFKQRORJ\��WKH�KRXUO\�IHHV�IRU�60(�V��WUDLQLQJ�
WKH�V\VWHP��DQ\�GHOD\V�FDXVHG�LQ�KDYLQJ�60(�V��WUDLQ�WKH�V\VWHP��DQG�WKH�H[SHUW�JXLGDQFH�
needed to administer the technology.

In TAR 2.0, because training and review are one and the same and there is no lag time in 
VWDUWLQJ� WKH� UHYLHZ��\RXU�VDYLQJV�RQ� WLPH�DQG�FRVW�� UHJDUGOHVV�RI� FROOHFWLRQ�VL]H�� VKRXOG�
DOZD\V�H[FHHG�\RXU�LQYHVWPHQW�LQ�WKH�XSIURQW�FRVWV�IRU�WKH�WHFKQRORJ\�DQG�DGPLQLVWUDWLRQ�
and provide savings as compared to traditional human linear review.

6RPH�7$5�����WRROV�FDQ�DFFRPPRGDWH�HYROYLQJ�GHȴQLWLRQV�RI�UHOHYDQFH�DQG�WKH�DGGLWLRQ�
RI�LQFUHPHQWDO�ORDGV�RI�GDWD��RWKHUV�FDQQRW��*LYHQ�WKH�QDWXUH�RI�7$5�����WR�EXLOG�DQG�WUDLQ�
VHYHUDO�GLVSRVDEOH�FODVVLȴHUV�DQG�WR�FRQWLQXRXVO\�UH�FDWHJRUL]H�DQG�UDQN�WKH�GRFXPHQWV��
this limitation is not a factor.

ΖQ�7$5������6XEMHFW�0DWWHU�([SHUW��60(��KDQGOHV�DOO�WUDLQLQJ�DQG�UHYLHZ�WHDP�MXGJPHQWV�
DUH�QRW�XVHG�WR�IXUWKHU�WUDLQ�WKH�V\VWHP��ZKLFK�FRXOG�SURYLGH�WKH�EHQHȴW�RI�SUHFLVH�DQG�
narrowed relevance. In TAR 2.0, review teams train the system as they review, working 
DORQJVLGH�60(�IRU�PD[LPXP�H΍HFWLYHQHVV��7KLV�LV�EHQHȴFLDO�LQ�FDVHV�ZKHUH�WKH�UHOHYDQFH�
HYROYHV�GXULQJ�WKH�FDVH��IRU�H[DPSOH�LQ�LQYHVWLJDWLYH�PDWWHUV�
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Conclusion
$IWHU�PDQ\�\HDUV�DQG�GR]HQV�RI�7$5�SURMHFWV��ZH�KDYH�VHHQ�FRXQWOHVV�PDWWHUV�SRVLWLYHO\�
D΍HFWHG�XVLQJ�7$5��:H�KDYH�VHHQ�WKH�EHQHȴWV�WKLV�WHFKQRORJ\�FDQ�SURYLGH�RXU�FOLHQWV�DQG�
EHOLHYH�WKH�VDYLQJV�DUH�ZRUWK�WKH�LQYHVWPHQW��7R�WKDW�HQG��+D\VWDFNΖ'�KDV�DQ�$QDO\WLFV�
GLYLVLRQ�WR�HGXFDWH��DGYLVH��LPSOHPHQW��DQG�VXSSRUW�7$5�SURMHFWV�RQ�EHKDOI�RI�RXU�FOLHQWV�

Is TAR 2.0 better than TAR 1.0?
6WXGLHV�H[LVW�FRPSDULQJ�7$5�SURGXFWV�DQG�SURWRFROV�DQG�UHDVRQDEOH�PLQGV�FDQ�DQG�GR�
GL΍HU�RQ� WKH� ȊEHVWȋ� WRROV�DQG�SURWRFROV�DYDLODEOH� (8) While some tools may be slightly 
more or less accurate and require more or less training than others, one point most can 
agree on is that when used correctly and for the right cases, all TAR tools and protocols 
FDQ�R΍HU�VLJQLȴFDQW�FRVW�DQG�WLPH�VDYLQJV�DQG�DUH�DW�OHDVW�DV�DFFXUDWH��LI�QRW�EHWWHU��WKDQ�
traditional human linear review.
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For more information on our TAR or other analytics services, please reach out to 
+D\VWDFNΖ' for more information.

Learn More. Today.

+D\VWDFNΖ'� LV�D�VSHFLDOL]HG�H'LVFRYHU\�VHUYLFHV�ȴUP�WKDW�KHOSV�FRUSRUDWLRQV�DQG�ODZ�ȴUPV�
ȴQG��XQGHUVWDQG��DQG�OHDUQ�IURP�GDWD�ZKHQ�IDFLQJ�FRPSOH[��GDWD�LQWHQVLYH�LQYHVWLJDWLRQV�DQG�
OLWLJDWLRQ��+D\VWDFNΖ'�PRELOL]HV�LQGXVWU\�OHDGLQJ�FRPSXWHU�IRUHQVLFV��H'LVFRYHU\��DQG�DWWRUQH\�
GRFXPHQW�UHYLHZ�H[SHUWV�WR�VHUYH�PRUH�WKDQ�����RI�WKH�ZRUOGȇV�OHDGLQJ�FRUSRUDWLRQV�DQG�ODZ�
ȴUPV�IURP�1RUWK�$PHULFD�DQG�(XURSH��6HUYLQJ�QHDUO\�KDOI�RI�WKH�)RUWXQH������+D\VWDFNΖ'�LV�
DQ�DOWHUQDWLYH�OHJDO�VHUYLFHV�SURYLGHU�WKDW�FRPELQHV�H[SHUWLVH�DQG�WHFKQLFDO�H[FHOOHQFH�ZLWK�D�
culture of white glove customer service. For more information about its suite of services, go 
WRb+D\VWDFNΖ'�FRP.
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